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ANALISIS ALGORITMA GAUSSIAN NAIVE BAYES TERHADAP
KLASIFIKASI DATA PASIEN DEMAM TIFOID (TYPHOID FEVER) DI
PUSKESMAS BALUNG JEMBER

Dimas Widia Adi Nugroho!, Hardian Oktavianto?, Dewi Lusiana’
Program studi Teknik Informatika, Fakultas Teknik
Universitas Muhammadiyah Jember

ABSTRAK

Penelitian ini bertujuan untuk menganalisis algoritma Gaussian Naive Bayes
dalam klasifikasi data pasien demam 7ifoid di Puskesmas Balung Jember. Data
yang digunakan terdiri dari 515 pasien, dengan partisi data menggunakan 20%
sebagai data uji dan 80% sebagai data latih. Pemodelan data dilakukan dengan
skenario K Fold Cross Validation menggunakan nilaik =2, 4, 5, 8, dan 10. Untuk
mengatasi ketidakseimbangan data digunakan metode Synthetic Minority Over-
sampling Technique (SMOTE). sehingga menjadi 337 data. Hasil pemodelan
menggunakan skenario K Fold Cross Validation menunjukkan bahwa nilai rata-rata
akurasi tertinggi sebesar 89,61%, nilai rata-rata presisi tertinggi sebesar 90,07%,
dan nilai rata-rata recall tertinggi sebesar 89,62%. Pengujian model Gaussian Naive
Bayes yang dibangun menghasilkan akurasi sebesar 94%, presisi sebesar 90%, dan
recall sebesar 93%. Penelitian in1 menunjukkan bahwa algoritma Gaussian Naive
Bayes efektif dalam klasifikasi data pasien demam Tifoid. Penggunaan SMOTE
sebagai metode penyeimbang data juga berhasil meningkatkan performa model.
Penelitian ini memberikan kontribusi dalam pemahaman dan penerapan algoritma
klasifikasi untuk analisis data pasien demam Tifoid.

Kata kunci: Tifoid, Klasifikasi, Gaussian Naive Bayes, K Fold Cross Validation,
SMOTE.



ANALYSIS OF GAUSSIAN NAIVE BAYES ALGORITHM FOR THE
CLASSIFICATION OF TYPHOID FEVER PATIENT DATA AT BALUNG
JEMBER PUBLIC HEALTH CENTER

Dimas Widia Adi Nugroho!, Hardian Oktavianto? , Dewi Lusiana®
Department of Informatics Engineering, Faculty of Engineering
Muhammadiyah University of Jember

ABSTRACT

This study aims to analyze the Gaussian Naive Bayes algorithm in classifying
data of typhoid fever patients at Balung Jember Public Health Center. The data
used consists of 515 patients, with a data partitioning of 20% for testing and 80%
for training. Data modeling was. performed using the K-Fold Cross Validation
scenario with kvalues of 2, 4, 5,8, and 10. To address the data imbalance, the
Synthetic Minority Over-sampling Technique (SMOTE) method was employed,
resulting in 337 data points. The results of the modeling using the K-Fold Cross
Validation scenario showed that the highest average accuracy value was 89.61%,
the highest average precision value was 90.07%, and the highest average recall
value was 89.62%: The testing of the constructed Gaussian Naive Bayes model
yielded an accuracy of 94%, a precision of 90%, and a recall of 93%. This research
indicates that the Gaussian Naive Bayes algorithm is effective in classifying data
of typhoid fever patients.-The use of SMOTE as a data balancing method also
successfully improved the model's performance. This study contributes to the
understanding and application of classification algorithms for the analysis of
typhoid fever patient data.

Keywords: Typhoid, Classification, Gaussian Naive Bayes, K-Fold Cross
Validation, SMOTE.
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